Examination of ThermalMitigationof Irrigation Ponds using Neural Network
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Table 1 SimulatedCases

Case| Digtributionof Target
irrigationponds temperature
1_| _10yearslater _| ___mean ___
2 _|__10yearslater __| __| maximum _ _
3 10yearslater minimum
4 _|__20yearslater __| ___mean ___
5 _|__20yearslater __] __| maximum _ _
6 20yearslater minimum
7 _|____abolition ___|___mean___
8 _|____abolition____[__| maximum _ _
9 abolition minimum
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