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Application of a high-speed sensor for habitat assessment of Lefua echigonia
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Fig. 2 Scatter plot between flow depth and velocity.

(a) 100 —
— L1
R2
0
—R3
—13

&
(= -

&
=]
'

[}
[=)]

N
S}

A
<]
.

Differeential pressure (Pa)
b o

80 1
80 -

IS
S

[}
o o

*'W LU MH*M{MW'WP

L L R T T P LIS S IR I
NI N ey nnwwurl"‘rww

D N
o o o

Differeential pressure (Pa)

-
o
[=TaN =1

0 10 20 30 40 50 60
Time (s)
Fig. 3 Time series differential pressure values:
(a) depth = 11 cm & velocity = 6.4 cm/s, and
(b) depth =17 cm & velocity = 31.6 cm/s
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Fig. 4 FFT spectrogram of the same points as in Fig.3
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